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shannon’s inequality
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H(X) < P, log(M — 1) + h(P,)

Proof: P, log(M — 1) + h(P.) — H(X) = D(Px || _L11111)




proof: 3
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proof: 4: by contradiction
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addendum: tightening

M| —6
2 | 2.495
311.963
411.771
51 1.667

6| 1.601
1001 | 1.049
1040 | 1.022




